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A G6ood Graph for Good Learning

What do we include

We have environmental context. << -- ror ow mueh?
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What are we looking at? Training with the knowledge helps!
Evaluating it, not so much.
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And what next?
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Yet another knowledge graph embedding?

= « They don't seem to learn what we expect.

\
I\ » KGs also don't make great networks.
{ _ . Can we collapse them appropriately?
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